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ABSTRACT

In the digital era, Generation Z faces both opportunities and challenges in understanding and pre-
serving local cultural wisdom. It is essential to ensure that cultural values go beyond superficial
consumption in cyberspace and remain deeply valued as integral aspects of identity and history. As
technological advances and globalization continue influencing young people to preserve, local cul-
ture presents an increasing challenge. This study aims to determine Generation Z’s perceptions of
Gorontalo’s local cultural wisdom, focusing on the Dikili and Meeraji traditions through a sentiment
analysis approach. This research method uses the Naive Bayes algorithm to analyze positive, negative,
and neutral sentiments derived from text data processed through a structured pre-processing stage. The
findings reveal that Generation Z’s perceptions of the Dikili and Meeraji cultures are mostly positive,
reflecting a strong appreciation and acceptance of these cultural values. However, the presence of neg-
ative sentiment highlights a critical view among some members of Generation Z, who consider certain
aspects of these traditions less relevant or controversial in a modern context. In addition, neutral sen-
timent indicates a segment of young people who may need more exposure or information to form an
informed opinion. The study concludes that while Dikili and Meeraji cultures still hold value among
Generation Z, a more inclusive and adaptive approach to cultural preservation is needed. The findings
offer valuable insights for strategies to preserve and develop local cultural heritage in the digital age..
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1. INTRODUCTION
In today’s digital age, the transmission and preservation of culture is undergoing a significant transformation. Digital tech-

nologies have expanded the scope and access to culture, enabling the exchange of values and traditions across geographic and social
boundaries. Social media platforms, blogs, and other digital applications allow individuals and communities to share, document,
and promote their culture to a global audience. This facilitates the dissemination of cultural elements and creates space for intercul-
tural interaction and dialogue. On the one hand, digitalization plays an important role in maintaining cultural values, especially for
younger generations who are more familiar with technology. On the other hand, it also poses challenges, such as the risk of cultural
commodification and the potential loss of the original meaning of digitized traditions.

With the advent of the digital age, Generation Z is faced with opportunities and challenges in understanding and preserving
local cultural wisdom [1, 2]. It is important to ensure that cultural values do not just become superficially consumed content in
cyberspace but remain deeply understood and valued as an important part of their identity and history [3, 4]. For Generation Z,
technology can be an effective tool for documenting, educating, and inspiring them to explore the true meaning of local culture.
This wise and critical approach to the use of technology can encourage Generation Z to become consumers of culture and active
agents of preservation, ensuring that regional culture remains relevant and dynamic amidst the changing times. Collaborative efforts
between the community, government, and technology sector are key in building positive perceptions among Generation Z towards
local wisdom, thus creating a digital ecosystem that supports cultural sustainability in a form that is authentic and meaningful to
them.

Generation Z’s perception of local cultural wisdom is an important aspect that needs to be studied, especially in the current
digital era. Generation Z, known as digital natives, have extensive access to global information and digital technology, which can
influence their perspective on local culture. The local wisdom of Gorontalo culture, with all its uniqueness and traditional values,
faces challenges to remain relevant and appreciated by this younger generation. With information and communication technology
development, including social media, interactions and discussions on regional culture have become more dynamic. However, this
dynamic can also positively and negatively impact Generation Z’s perceptions. Therefore, it is important to understand how their
perception of Gorontalo’s local wisdom evolves in this digital era.

Sentiment analysis has emerged as an effective method for assessing public perception of various issues, including Generation
Z. Through sentiment analysis, patterns and trends in opinions on social media or other digital platforms can be identified [5, 6]. This
method allows researchers to process large amounts of text data quickly and accurately [7] to provide a comprehensive picture of
positive, negative, or neutral sentiments toward the local wisdom of Gorontalo culture. Using a predictive model based on sentiment
analysis, this research seeks to identify Generation Z’s perceptions of Gorontalo culture and factors that influence perceptions and
attitudes towards certain entities [8, 9]. The results of this study are expected to contribute to the preservation and promotion of local
culture during technological development and social change.

Several previous studies have explored sentiment analysis in various domains. However, several limitations still need to be
bridged in the context of Generation Z’s perception of local culture, especially Gorontalo’s cultural wisdom. The studies conducted
by Koupaei et al. (2020) and Blandi et al. (2022) focused more on developing methods of sentiment analysis in general and Gen
Z perception on social media without specifically examining how the younger generation’s perception of local culture is influenced
by digital technology. Meanwhile, research by Gooljar et al. (2024) highlights the model’s effectiveness in processing text data on
a large scale but does not discuss how social and cultural contexts influence sentiment analysis results. In addition, the research of
Thomas et al. (2021) emphasizes the application of the Näpve Bayes algorithm and its advantages without providing an in-depth
exploration of the social factors that shape the sentiment of the younger generation toward its cultural heritage. Meanwhile, the
study conducted by Kharlamov and Pilgun (2024) focuses on the implementation of sensors and technology in sentiment monitoring.
Still, it does not specifically relate it to aspects of local cultural preservation. Therefore, this study fills the gap by comprehensively
analyzing Generation Z’s sentiment toward Gorontalo culture, considering the technical aspects of the sentiment analysis model and
the social and cultural factors influencing their perceptions.

The urgency of this study lies in the strategic role of Generation Z as the successor and guardian of cultural heritage. This
generation is not only consumers of information but also opinion formers who have a strong influence in the digital era. When local
wisdom and regional cultural values, such as those in Gorontalo, are confronted with popular culture and globalization, there is a
risk of cultural erosion if there is no proper effort to understand them [10]. Generation Z’s perception and attitude towards local
culture determine the future of its preservation. Therefore, understanding how this generation perceives Gorontalo’s local wisdom is
becoming increasingly important. This analysis is also urgent because it can help local governments, educators, and cultural activists
design more effective programs and strategies to preserve and promote local culture. If Generation Z’s perception of local culture
tends to be negative or less enthusiastic, preventive and educative measures must be taken immediately to ensure that local culture is
not marginalized. Conversely, if their perceptions are positive, then appropriate strategies are needed to strengthen and capitalize on
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this sentiment in cultural preservation efforts. Thus, this study is academically important and has practical implications for preserving
and developing regional culture in the digital era.

Although much research has been done on sentiment analysis with various models and techniques, the focus on Generation
Z (Gen Z) sentiment towards local cultural wisdom, especially Gorontalo culture, is still very limited. Gen Z, as a generation born
and raised in the digital era, has a different mindset and way of interacting with previous generations. They tend to be more open
to technology but are often considered less concerned with traditional cultural values [11]. Previous research has focused more on
sentiment analysis in general contexts such as products, services, or social issues. Still, not many have specialized in Gen Z sentiment
towards local cultural wisdom, especially in a digital context [12, 13]. The novelty of this research lies in its approach, which
combines technology-based sentiment analysis with the exploration of social and cultural factors that influence Gen Z’s perception
of Gorontalo’s cultural wisdom. In addition, this study also offers a new perspective by using a predictive model that can identify
sentiment trends and provide deeper insights into the mindset of the digital generation towards local culture. This creates a gap in the
literature, especially in understanding how Gen Z perceives and responds to Gorontalo’s cultural wisdom in the midst of globalization
and digitalization.

The scope of the sentiment analysis study in this research is specifically focused on the local wisdom of Dikili and Meraaji
culture in Gorontalo. This local wisdom includes various values, traditions, and cultural practices that have become integral to
Gorontalo people’s lives. Dikili and Meraaji are important symbols of regional cultural identity, reflecting the values of gotong
royong, togetherness, and harmonious relationships between humans and nature. However, Generation Z’s perception of these
elements can vary greatly during rapid social and cultural change. This research analyses Generation Z’s sentiments towards specific
aspects of Dikili and Meraaji culture, such as how they express their views on these traditions on social media or other digital
platforms. Using a predictive model based on sentiment analysis, this study categorizes opinions into positive, negative, or neutral
and identifies key themes that emerge in their perceptions. With a clear focus on the local wisdom of Dikili and Meraaji, this study
is expected to provide a deeper understanding of how Generation Z values, responds to, or even challenges these cultural values and
how it affects the sustainability of Gorontalo culture in the future.

Understanding Gen Z’s sentiments towards Gorontalo’s cultural wisdom can provide insight into the extent to which this
generation still maintains or even ignores local cultural values [14]. In addition, the results of this study can serve as a basis for
the government, educational institutions, and cultural communities to design cultural preservation strategies relevant to the younger
generation. In an era where global culture is increasingly dominating, preserving local wisdom is a big challenge. By utilizing
sentiment analysis models, this research provides an objective picture of Gen Z’s perceptions and shows how technology can be used
to preserve culture in a modern context [15].

2. RESEARCH METHOD
This research uses a quantitative sentiment analysis model to process textual data. This approach is suitable for systematically

and objectively understanding the patterns and trends of Generation Z’s perceptions of Gorontalo’s local culture. Data Collection
through an online survey with descriptive questions and answers about the local wisdom of Dikili and Meeaji culture was distributed
randomly to 250 young people in Gorontalo City. In addition, you also try to combine the results of sentiment analysis using Näpve
Bayes and TF-IDF (Term Frequency-Inverse Document Frequency). Data analysis in this research includes several steps: Data
Processing, Sentiment Analysis, Model training, and visualization and Interpretation. The following is a picture of the data analysis
steps in detail:

Figure 1. Stages of data analysis

According to Figure 1, data preprocessing is the first step in data analysis. The data that has been collected needs to go through a
preprocessing stage to ensure the quality of the analysis. This stage includes Text cleaning, which is the process of removing unwanted
elements such as punctuation, numbers, special characters, hyperlinks, and emojis from the collected textual data [10, 16, 17]. This
stage also includes the removal of stopwords-common words like ”the,” ”and,” ”is,” which do not contribute significant meaning
to the sentiment analysis. The primary aim of text cleaning is to eliminate noise and irrelevant information that can obscure the
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true sentiment within the text, ensuring that the remaining words are more meaningful for analysis. The next step is tokenization,
which involves breaking down the cleaned text into individual units called tokens, typically words or phrases [12, 18]. For instance,
the sentence ”Gorontalo’s culture is unique and valuable” would be tokenized into [”Gorontalo’s,” ”culture,” ”is,” ”unique,” ”and,”
”valuable”]. Tokenization simplifies the text data into manageable pieces, allowing the sentiment analysis model to process each
word individually and understand their contribution to the overall sentiment. In the next stage, once tokenized, the text undergoes
normalization, where all tokens are converted to a standard format. This often involves converting all characters to lowercase, ensuring
consistency [19]. For example, ”Culture” and ”culture” would be treated as the same word post-normalization. Normalization may
also include spelling corrections and handling various forms of a word to ensure uniformity across the dataset. After normalization,
the preprocessing involves stemming and lemmatization, two techniques used to reduce words to their base or root forms [20, 21].
Stemming simplifies words to their root form by removing suffixes and prefixes. For example, ”cultural,” ”culturally,” and ”cultures”
would be reduced to the stem ”culture.” However, stemming can sometimes result in non-dictionary forms, making the text less
human-readable. To address this, lemmatization is often preferred, as it reduces words to their base or dictionary form, considering
the context and parts of speech. For instance, ”running” would be lemmatized to ”run” and ”better” to ”good.” Lemmatization
helps preserve the meaning of words while simplifying them, making the text more meaningful for sentiment analysis. The textual
data is transformed into a structured and consistent format that enhances the predictive model’s performance in accurately capturing
Generation Z’s perceptions of Gorontalo’s cultural wisdom by performing these stages- text cleaning, tokenization, normalization,
stemming, and lemmatization.

The second step is sentiment analysis, analyzing the distribution of sentiments (positive, negative, neutral) across the dataset to
understand Generation Z’s overall perception [22, 23]. This research uses a machine learning-based approach for sentiment analysis.
The method used is Näpve Bayes. In the third model of training, in this section, data is separated into training data and test data, 75%
for training and 25% for testing. Then, the model is trained, and its performance is evaluated using metrics such as accuracy to ensure
reliable results. Based on the sentiment analysis results, a predictive model will be built to project how Generation Z’s perception
of Dikili and Meraaji may change. This model utilizes the Näpve Bayes machine learning algorithm to make predictions based on
the sentiment data analyzed. The fourth step, a combination of näpve Bayes and TF-IDF is used to represent the text numerically
by considering the importance of certain words in each document, while Näpve Bayes acts as the main classification algorithm. In
the last step, visualization and interpretation, the analysis results are visualized using graphs to show the distribution of sentiments
towards Dikili and Meraaji. Further analysis will be conducted to identify key themes and perception patterns that emerge from the
data, such as positive and negative tendencies or specific issues that Generation Z often talks about.

In addition, various tools were used in this research to support the thorough data analysis and interpretation process. Rapid-
Miner was used as the primary tool for sentiment data analysis. This application helps in processing and analyzing text data efficiently,
allowing researchers to extract positive, negative, or neutral sentiments from the collected data. Then Python is used to see the com-
bination of TF-IDF results. Furthermore, Microsoft Excel was utilized for data tabulation and visualization. Excel makes it easy
to arrange data in neat tables. It provides various options for visualization, such as graphs and charts so that patterns and trends in
the data can be more easily understood. Finally, ChatGPT plays a role in the process of interpreting the metadata of the research
results. With the help of ChatGPT, researchers can explore the deeper meaning of the findings and produce more comprehensive and
insightful interpretations. The combined use of these tools ensures that data analysis and interpretation are conducted effectively and
thoroughly.

3. RESULT AND ANALYSIS
3.1. Sentiment Towards Dikili

The results of sentiment analysis on the local wisdom of Dikili culture using the Naive Bayes algorithm illustrate a fairly
diverse distribution of sentiments, as seen in the pie chart above. Positive sentiments dominate Generation Z’s view of Dikili culture,
indicating that this tradition is still widely accepted and appreciated. The dominance of positive sentiments indicates that many
young people see the value, meaning, and relevance of Dikili culture in their lives. This may reflect the success of efforts to preserve
and promote local culture among the younger generation, or it may also reflect the strong emotional connection and identity that
Generation Z has with their cultural heritage. As illustrated in Figure 2.
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Figure 2. Sentiment distributions on keyword dikili

However, negative sentiments also appear in non-negligible proportions. These negative sentiments indicate that a segment of
Generation Z may have a critical view of the Dikili culture. They may feel that some aspects of this tradition are no longer relevant to
the modern world, or there may be elements in Dikili culture that are considered controversial or incompatible with their values. The
presence of this negative sentiment signals cultural actors and the community to evaluate and perhaps take a more adaptive approach
to introducing and preserving this culture so that it can be more accepted by the younger generation. In addition, there is also a
significant amount of neutral sentiment. This neutral sentiment could reflect the Generation Z group, which may not have a deep
understanding or clear position of Dikili culture. This group may need more information or direct experience with the culture to form
a more firm view.

Overall, this analysis shows that although Dikili culture is still perceived positively and valuable by most of Generation Z,
some areas require attention and reflection. Preserving Dikili culture can focus on increasing understanding and appreciation while
addressing existing criticisms and negative views. With a more inclusive and adaptive approach, Dikili culture can continue to thrive
and be relevant amidst the dynamics of social change faced by Generation Z. As shown in Figure 3, the word that appears the most
from the results of the extraction of Gen Z sentiment data towards Dikili culture is”.

Figure 3. Sentiment distributions on keyword dikili (Wordworld)

The diagram above shows a word cloud visualization in the form of a treemap that illustrates the results of sentiment analysis
of the keyword ’Dikili’ in the context of research themed ‘Predictive Model Based on Sentiment Analysis to Assess Generation Z’s
Perception of Gorontalo Regional Cultural Local Wisdom.’ Based on this visualization, it can be seen that Generation Z has various
perceptions and understandings of the Dikili tradition, which is an important part of Gorontalo culture.

The word ’nabi’ dominates this diagram, showing that Generation Z strongly associates Dikili with the Prophet Muhammad
and religious aspects. The words ’maulid’ and ’commemorate’ also appear significantly, indicating that Generation Z sees Dikili as
part of the commemoration of the Prophet Muhammad’s birthday, a celebration of the birth of the Prophet Muhammad, often held
with various ceremonies and traditions in Gorontalo. The presence of the words ’muhammad’ and ’birth’ further confirms that Dikili
is closely related to Islamic history and is a way for Gorontalo people to express respect and love for Prophet Muhammad. Terms such
as ’tradition,’ ’value,’ and ’adat’ indicate that Generation Z views Dikili from a religious perspective and as part of cultural heritage
and local identity. They see it as a tradition full of positive values that must be maintained and preserved. This is also shown by the
word ’good,’ which indicates a positive sentiment towards this tradition. The words ’community’ and ’activity’ indicate Generation
Z’s awareness of the role of the community in practicing and maintaining this tradition and show that they see Dikili as a social
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activity that involves many parties. The word ’gorontalo’ indicates that Generation Z understands Dikili as an integral part of their
regional identity. They see it as an important element distinguishing Gorontalo culture from other regional cultures. The emergence
of the word ’generation’ shows that Generation Z understands the importance of passing on this tradition to future generations. They
realize that the continuity of this tradition depends on how the younger generation, including themselves, understand and appreciate
Dikili.

Overall, the results of this analysis show that Generation Z in Gorontalo has a comprehensive understanding of Dikili. They
see it not only from a religious perspective but also from the point of view of culture, local identity, and social values. This reflects
that although Generation Z lives in a modern and digital era, they still appreciate and attach to local wisdom and traditions inherited
by their ancestors.

3.2. Sentiment towards Meeraji

The sentiment analysis results on the local wisdom of Meeraji culture using the Naive Bayes algorithm show an interesting
distribution of sentiments, as illustrated in the doughnut diagram above. From the diagram, it can be seen that most of Generation Z’s
perceptions of Meeraji culture are positive. This predominance of positive sentiments indicates a strong appreciation and acceptance
of the values promoted by Meeraji culture. Generation Z, which is often regarded as a modern-minded and open-minded group, still
seems to have strong ties to this local culture. This may be due to the relevance of Meeraji’s cultural values to their lives or the
success of preservation and education efforts that the community and related parties have made. Figure 4 below presents in detail the
sentiment of Gen Z in terms of both positive, negative, and neutral sentiment.

Figure 4. Sentiment distributions on keyword meeraji

However, alongside the dominance of positive sentiments, there is also a significant amount of negative sentiment. The ex-
istence of this negative sentiment indicates that not all elements of Meeraji culture are universally accepted by Generation Z. This
criticism or negative view could be related to the view that some aspects of Meeraji culture may be considered outdated or less
relevant to the current context of life. This is an important indication for cultural stakeholders to evaluate and adapt cultural elements
that may need to be adjusted to remain relevant and acceptable to the younger generation. In addition, there is also a small segment
of neutral sentiment. This neutral sentiment reflects a group that may not yet have strong views or opinions about Meeraji culture.
This group could consist of individuals still seeking more information or with a pragmatic attitude toward cultural traditions.

Overall, the sentiment analysis results in Figure 5 provide a comprehensive picture of how Generation Z perceives Meeraji
culture. The predominance of positive sentiments indicates that Meeraji culture still has an important place in the hearts and minds
of the younger generation. Still, negative and neutral sentiments also signify ro om for improvement and customization. With this
understanding, efforts to preserve and develop Meeraji culture can focus on strengthening the well-received aspects while addressing
negative views through a more inclusive and adaptive approach.
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Figure 5. Sentiment distributions on keyword meeraji (Wordworld)

The word ’Meraaji’ dominates the diagram, indicating that this topic is at the center of attention and discussion in the younger
generation’s perception. In addition, the word ’isra’ also stands out, signaling that the religious aspect of Isra and Mi’raj is an
important element in this tradition. This is reinforced by the presence of the words ’miraj,’ ’nabi,’ and ’muhammad,’ indicating
that the tradition is closely linked to Islamic history and religious events. The word ’culture’ is also prominent, emphasizing that the
Meraaji tradition is not only seen as a religious ceremony but also as an important part of the cultural heritage of the Gorontalo region.
The word ’Gorontalo’ appears significantly, signaling that respondents understand Meraaji as part of Gorontalo’s cultural identity.
Other terms such as ’tradition,’ ’commemorate,’ and ’adat’ indicate that Generation Z sees Meraaji as a form of respect for traditional
values and customs passed down through generations. The presence of the words ’community’ and ’young’ indicates an awareness
among Generation Z of the important role of the community, including the younger generation, in preserving this tradition. Positive
sentiments towards Meraaji are also reflected in words such as ’good,’ ’value,’ and ’celebration,’ indicating that many of Generation
Z have a positive view of this tradition. Conversely, words such as ’wrong’ may reflect certain discussions or controversies in the
younger generation’s perception of certain aspects of the tradition.

Overall, this analysis shows that Generation Z has complex and diverse perceptions of Meraaji. They associate it with cultural
identity, religious values, and community roles while recognizing the importance of maintaining and preserving this tradition in a
modern context.

3.3. Combination Result of Näpve Bayes and TF-IDF
TF-IDF represents the text numerically by considering the importance of certain words in each document, while Näpve Bayes

acts as the main classification algorithm. This approach adds significant value in terms of interpretation and accuracy of the model.
Based on the results of the dataset test, the model showed varying performance in each sentiment class. The resulting confusion
matrix is as follows.

Figure 6. Confusion matrix

Based on the results of sentiment analysis on Gorontalo cultural wisdom conducted by combining Näpve Bayes and TF-IDF
methods, a confusion matrix is obtained that represents the model’s performance in classifying sentiments. The first figure shows the
general structure of the confusion matrix, which consists of True Positive (TP), True Negative (TN), False Positive (FP), and False
Negative (FN). The second figure is the real result of the model used in this study. From the confusion matrix of the analysis results, it
was noted that the model successfully classified 38 samples correctly as positive sentiment (TP). However, there were 7 False Positive
(FP) cases, where the actual negative sentiment was classified as positive. In addition, there were 2 cases of True Negative (TN),
where the model correctly identified a negative sentiment and 1 case of False Negative (FN), indicating that one positive sentiment
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was incorrectly classified as negative. Interestingly, there are no neutral predictions in the confusion matrix, as indicated by zeros at
several positions in the matrix.

These results show that the model tends to be more dominant in recognizing positive and negative sentiments. However, the
presence of misclassification, especially in the FP and FN categories, needs further attention to improve the accuracy of the model,
for example, through parameter optimization or the use of better data preprocessing techniques. Table 1 provides more detailed
information from the confusion matrix results based on negative, neutral, and positive predicates to clarify the information from the
matrix.

Table 1. Pembagian Data untuk Training dan Testing

Prediction: Negative Prediction: Neutral Prediction: Positive
Negative 2 0 7
Neutral 1 0 5
Positive 0 0 38

Based on the matrix and Table 1 above, it can be interpreted that the model has the best performance in predicting the Positive
class, with an accuracy rate of 95% in that class. A total of 38 positive data were correctly predicted without error. However, there
are challenges in the Negative and Neutral classes, where the model is only able to predict 2 data correctly for the Negative class,
while the Neutral class cannot be predicted at all. This indicates an imbalance in the data distribution, which affects the model’s
ability to recognize patterns from minority classes. The model successfully identified the most influential keywords in sentiment
analysis, which can be utilized to understand Gen Z thinking and perception patterns. In addition, this approach shows potential
for wider application, such as in predicting sentiment in the fields of culture, education, or marketing. TF-IDF integration increases
the relevance of the information processed by Näpve Bayes, which operates based on the probability of words in a particular class.
The results show that the combination of methods can provide efficient results even with imbalanced data and provide directions for
further algorithm development, such as the application of oversampling techniques or the utilization of deep learning algorithms to
overcome shortcomings in predicting minority classes.

This study provides new insights into how sentiment analysis technology can be applied to understand local people’s percep-
tions of culture. This is important for developing data-driven policies that are more responsive to the needs of younger generations.
The results of this study provide a clear picture of how Gen Z responds to Gorontalo’s cultural wisdom. With the majority of positive
sentiments, it can be concluded that Gen Z greatly appreciates local culture. However, negative and neutral sentiments indicate chal-
lenges that must be addressed, such as a lack of in-depth understanding or low interest in certain aspects of the culture. This analysis
provides a basis for policymakers and stakeholders to design more effective strategies for introducing local culture to the younger
generation, including through digital platforms that are relevant to Gen Z preferences.

Generation Z’s perception of the ’Meraaji’ and ’Dikili’ traditions in Gorontalo reveals the dynamics of their understanding of
local wisdom and cultural values inherited by previous generations. Both word cloud visualizations show that Generation Z deeply
appreciates and attaches to these traditions, even though they live in an era dominated by technology and modernity. In the tradition of
’Meraaji,’ Generation Z seems to understand this tradition as an important part of their cultural and religious identity. This is indicated
by words such as ’isra,’ ’miraj,’ ’nabi,’ and ’muhammad,’ which illustrate their understanding of the religious and spiritual context
of the tradition. They associate ’Meraaji’ with important events in Islamic history, signalling that the younger generation recognises
the tradition not only as a cultural rite but also as part of a larger religious narrative. Moreover, the terms ’culture,’ ’tradition,’ and
’adat’ indicate that Generation Z sees ’Meraaji’ as a rich cultural heritage, reflecting community and social values that should be
preserved. On the other hand, the analysis of ’Dikili’ also shows a similar pattern. Words such as ’prophet,’ ’maulid,’ ’muhammad,’
and ’birth’ indicate that Generation Z sees this tradition as a form of honouring and celebrating the birth of Prophet Muhammad. Just
like ’Meraaji,’ ’Dikili’ is also seen as a religious and cultural activity. However, what is interesting is the appearance of the word
’generation’ in this word cloud, which indicates an awareness among Generation Z of the importance of passing on and preserving
this tradition. They realize that the sustainability of the ’Dikili’ tradition depends on how their generation and subsequent generations
understand and value it. These two traditions also show how Generation Z in Gorontalo balances between religious identity and
cultural identity. They understand and value these two traditions as a form of religious expression that is not just a ritual but also
an integral part of their local culture and identity. Words such as ’good,’ ’value,’ ’community,’ and ’activities’ in both visualizations
reflect their positive views and involvement in interpreting the traditions.

This discussion shows that although Generation Z lives in an era of globalization and digitalization, they still have a strong
attachment to local wisdom and cultural traditions. They do not see these traditions as old-fashioned or irrelevant but rather as
important components that help them define their identity and community. In accordance with what Sanjaya et al. (2024) revealed,
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local wisdom values have an important role in character building in the digital era [24, 25]. This indicates a great potential for
preserving regional culture, where Generation Z can play an active role in maintaining, developing, and promoting local traditions to
remain relevant in the future. Indonesia has diverse cultures, local wisdom, and positive values that must be preserved [26, 27]. With
the right approach, traditions such as ’Meraaji’ and ’Dikili’ can continue to live and evolve with the changing times, bringing positive
messages to future generations.

This research finding also confirms that the Näpve Bayes algorithm has long been recognized as one of the effective methods in
sentiment analysis, mainly due to its simplicity and efficiency in processing large text data. The main advantage of this algorithm is
its ability to perform classification quickly and accurately, even with a limited amount of training data. This is due to the probabilistic
approach that assumes independence between features, making calculations simpler and more efficient. In addition, Näpve Bayes
is also known to be resistant to overfitting, making it a reliable choice in various sentiment analysis applications. Several previous
studies have confirmed these advantages. For example, research by Helmayanti et al. (2023) showed that the Näpve Bayes algorithm
is effective in classifying Flip app user reviews based on aspects of speed, security, and cost, with an average accuracy of 84% [28].
Similarly, a study by Pramudita et al. (2024) applied Näpve Bayes to analyze sentiment toward the Indonesia Smart College Card
Program, resulting in an accuracy of 84.99% [29].

The superiority of the Näpve Bayes algorithm increases when combined with the Term Frequency-Inverse Document Frequency
(TF-IDF) weighting technique. TF-IDF plays a role in emphasizing words that have a high significance in a document, thus helping
the model distinguish words that are relevant for sentiment classification. This combination has been shown to improve model
accuracy in various studies. For example, research by Alfawas et al. (2024) showed that the application of TF-IDF together with
Näpve Bayes in sentiment analysis of ”Bus Simulator Indonesia” game reviews resulted in an accuracy of up to 85% [30]. In addition,
a study by Noer (2023) also indicated that the combination of TF-IDF and Näpve Bayes effectively analyzed the sentiment of Shopee
app reviews. However, the accuracy details were not specifically mentioned [31].

Overall, the combination of Näpve Bayes and the TF-IDF algorithm offers an efficient and accurate solution in sentiment
analysis. This approach improves classification performance while maintaining computational efficiency, making it appropriate for
various text analysis applications.

4. CONCLUSION

Based on the results of sentiment analysis towards Meeraji and Dikili culture show that these local wisdoms still have an
important place in the perception of Generation Z in Gorontalo. Positive sentiments dominate both cultures, indicating that many
young people appreciate, accept, and feel that the values contained in the Meeraji and Dikili cultures are relevant to their lives. This
predominance of positive sentiments indicates a strong emotional connection and identity between Generation Z and their cultural
heritage. It may also reflect the success of cultural preservation and education efforts that various parties have made.

However, the presence of negative sentiments in the analysis of these two cultures indicates that not all elements of Meeraji and
Dikili culture are universally accepted by Generation Z. Some critical views indicate that there are aspects of these cultures that may
be considered less relevant or controversial in the context of the modern world. These negative sentiments signal that there is room
for improvement, evaluation, and adaptation, especially in aligning cultural traditions with the values and expectations of today’s
younger generation. Furthermore, the presence of a neutral sentiment segment in both analyses suggests that a portion of Generation
Z may still not have a clear understanding or position towards this culture. This emphasizes the importance of a more comprehensive
educational approach to enhance their understanding and engagement with local culture.

Meanwhile, the prediction model results show that the model’s success is in the positive class, where the accuracy rate reaches
95%. Meanwhile, less performance is shown in the negative and neutral class models. This is caused by data imbalance, where the
positive class has a much larger amount of data than other classes. As a result, the model tends to be more biased towards classes with
a dominant amount of data. So, to overcome the limitations of the model, further research can increase the amount of data or focus
on oversampling techniques, such as the Synthetic Minority Oversampling Technique (SMOTE), or on more complex algorithmic
approaches, such as Support Vector Machine (SVM) or deep learning-based models.

Overall, the results of this sentiment analysis highlight that Generation Z still values Meeraji and Dikili cultures but also
emphasize the need for a more inclusive and adaptive approach to their preservation. By understanding and responding to these
diverse sentiments, cultural preservation efforts can focus on strengthening positive values while addressing negative views through
dialogue and innovation relevant to today’s youth.
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