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ABSTRACT

Social media is one part of digital marketing that is used for the development of marketing business
products known as social-marketing. The use of social media as social marketing is still managed
conventionally and has not implemented business social media. This study was conducted to analyze
the clusters and classifications of the use of social media by fashion designers in West Sumatra in
marketing their products. This analysis uses the k-Means algorithm and c45 uses the Rapidminer
application for the fashion designer industry in West Sumatra. Data is collected from Instagram and
Facebook of fashion designers. The data analyzed by K-Means resulted in 3 clusters of social media
use, namely 3 less active clusters, 12 active clusters and 1 very active, then classification using the
C45 method resulted in a decision tree that described the most and the least in using social media.
This study resulted in grouping and classifying variables from whether or not the use of social media
in social marketing for the fashion designer industry players in West Sumatra was good or not. The
results of this study can be used as a reference for developing integrated marketing for West Sumatra
fashion designers.

This is an open access article under the CC BY-SA license.

Corresponding Author:

Abulwafa Muhammad,
Department of Informatics Engineering,
Universitas Putra Indonesia YPTK Padang,
Email: abulwafa@upiyptk.ac.id

Journal homepage: https://journal.universitasbumigora.ac.id/index.php/matrik

https://creativecommons.org/licenses/by-sa/4.0/
mailto:abulwafa@upiyptk.ac.id
https://journal.universitasbumigora.ac.id/index.php/matrik


464 r ISSN: 2476-9843

1. INTRODUCTION
Along with the development of Information Technology in the activities of today’s society, social media applications are

applications that are used by almost all levels of society with various uses [1, 2], integrated with other supporting applications and
can be used to optimize services to consumers [3, 4]. Not only workers, business owners, students, students and even housewives
are not left behind using social media for various purposes [5, 6]. For some community groups, Social Media is used as a means
to conduct various kinds of business starting with promoting and selling their products and services [7]. Likewise, for the fashion
creative economy players in West Sumatra, they use social media as a place to introduce products through posts, then hope that the
products or services posted are liked by consumers (like), and increase followers on social media [8, 9] and get other positive praise,
and what is no less important is the increasing awareness of the products / services being sold so that there are more opportunities to
increase sales transactions [10].

Social media-based marketing is currently very developed compared to other types of digital marketing [11, 12]. Social media
has also developed from only used for personal, now it can be used for business services [13]. With social media services for business,
it is open opportunities for business people for further optimize the function of social media in marketing products and services as a
form of business process digitalization process making it easier to analyze consumer behavior [12]. Currently, not all business people
are able to optimize the use of social media. For this reason, it is necessary to analyze the current level of social media, so that it can
be seen the level of active use of social media, and related parties can choose what things can be done for optimal results [14, 15].

The grouping of superior classes at MAN-1 Mataram can be grouped using the K-Means algorithm, equipped with a web
application in the form of a web cloud or web that can facilitate the administration of school students in class grouping [16]. The
k-means method can also be used to form clusters of fake news spread on social media so that it will be easier to detect [16, 17].
K-means can also be combined with other methods or algorithms to produce better decision support [18]. Based on the test results
in the grouping of social assistance recipients, from 260 data there are 196 data thatinc luding cluster 1 with social assistance
recipient status on target and 61 data including cluster 2 with social assistance status not on target [19]. The system can automatically
detect suspected lesions by combining the k-means and ELM algorithms starting with features such as area, circularity, pixel intense
correlation, eccentricity and entropy of the extracted intensity distribution, The extracted features are passed on to hybrid k-means
and ELM, then ends with the classification with SVM can know whether the type of cancer is normal, benign or malignant in a shorter
period of time and higher accuracy [18].

One way to combine the k-means method with other methods is to use the C4.5 method. The C4.5 method has a better accuracy
rate than other methods [20]. The C4.5 method can also be used to classify insurance customers by comparing them with the Naive
Bayes algorithm [21]. The C4.5 method successfully diagnoses the COVID-19 surveillance category and is modeled into a decision
tree with PDP, ODP, and OTG classifications, then the testing process on a confusion matrix with 3 (three) classes produce an accuracy
rate of 92.86% which is classified as superior or very good [22]. Many researchers compare one method with another such as the c4.5
with the Naive Bayes Classifier, the comparison can find out which method is more accurate [23, 24]. Telecommunication customer
data as many as 54.979 records were processed using Rapidmanir software to produce costumers who are still active and have stopped
using several variables [25, 26]. In other studies, it is known that the C4.5 Algorithm can be used to classify prospective students by
making decision trees based on existing data. From the explanation above, it means that k-means and c4.5 if used simultaneously
will complement each other so as to produce a classification with a better level of accuracy [29- 30].

From the problems and descriptions above, this study aims to analyze data on the use of social media Instagram and Facebook
by fashion designers in West Sumatra. This study will use the K-Means algorithm to classify the types of social media usage, and use
the C4.5 method for classification of factors that play a role in the success of fashion designer’s social media marketing.

The structure of this paper is organized as follows: the Sect.1 is an introduction that discusses the background and reasons
for conducting the research, Sect.2. Explains the methodology of data collection, analysis and the steps involved in producing
research findings, Sect.3. Analysis and results discusses data processing with algorithms k means and c45 as well as using the
rapidminer application for the implementation of the analysis, Sect.4. Discussing the conclusions of the research and explaining the
advantages and disadvantages of the research as well as opportunities for further research. The last part before the reference there is
a acknowledgements.

2. RESEARCH METHOD
The first step of this research is to identify the conditions of using social media in the West Sumatran fashion industry. After

being identified, the next step is to collect data on the use of social media by fashion designers in West Sumatra. The data that has
been collected will be analyzed first to find out what types of digital marketing are most widely used. The researcher chose the 2
types of social media that were most widely used and at the same time determined the variables for the use of social media. After the
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data variable is determined, it is carried out to collect data or complete data based on the variable. After completing the data, data
analysis was carried out using k-means clustering to find out which fashion designers were very active, active and less active. Then
the data is set back to be classified using the C4.5 algorithm to classify any variables that play a role in digital marketing. Data set
for processing with C4.5 are also analyzed or tested using rapidminer. So that after the analysis process is carried out, the research
results are obtained in the form of clusters and classifications.

Figure 1. Research Illustration

2.1. Identification of the Problem
The initial stage of this research is to analyze the fashion creative industry in West Sumatra which is sourced from a report

book issued by the West Sumatra Province Tourism and Creative Economy Office in 2019 and combined with data obtained from
survey results in the field. From these sources, it is known the type and location of the fashion designer industry in West Sumatra, the
use of digital marketing data for fashion designers in West Sumatra. Then the researchers looked for the types of digital marketing
used by fashion designer industry players through the google search engine, from this activity it was known what types of digital
marketing they had and the types of digital marketing that were most widely used by fashion designers. In Table 1 it can be seen the
type of digital marketing used, based on this data the type of digital marketing used in almost all fashion designers is social media,
namely Facebook and Instagram, so in this study data from social media Facebook and Instagram fashion designers were used.

Table 1. Data on the Use of Digital Marketing Fashion Designers in West Sumatra

No.
List Of Creative Industri

of Fashion Designer
Sumatera Barat

List Of Digital Marketing

Website Sosial Media email
Online
Advertising

Search
engine

Video
Marketing

1 Syakira
https://syakira-fashion.
business.site/

ig :syakira.fashionscrarf,
facebook/mine.syakira.1,
WA. 081266506130

yes yes yes

2 Yadir Fashion Designer ig :yadirsyah.zunur
3 Ria Miranda Padang riamiranda.com ig :riamiranda pdg
4 Batik Tanah Liek

Hj. Wirda Hanim
https://batiktanahliek.co.id/

5 Novia Hertini
Fashion Designer

https://www.facebook.com/
public/Novia-Hertini,
https://www.picburn.com/
noviahertinifashion/,
https://picpanzee.com/
noviahertinifashion

6 De Irma
Fashion Designenr

https://de-irma.business.site/ deirmadek

7 Rumah Tenun Nelvi
Pandai Sikek Silungkang

https://tokonelvipandaisikek.
business.site/

https://id-id.facebook.com/
nelvirumahtenun

8 Heni Adli
Minangkabau Craft
Village

https://www.henniadli.com/ https://www.facebook.com/pages/
Henni-Adli-Minang-Kabau-
Craft-Village/464563290247816,
https://www.instagram.com/
explore/locations/714788616/
minangkabau-craft-village-henni-adli
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No.
List Of Creative Industri

of Fashion Designer
Sumatera Barat

List Of Digital Marketing

Website Sosial Media email
Online
Advertising

Search
engine

Video
Marketing

9 Doni Rahman
Fashion Desigener

https://doni-rahman-
fashion-desainer.
business.site/

https://www.instagram.com/
doni.rahman0706/,
https://ms-my.facebook.com/
watch/Doni-rahman-SPd-
167338353927112/

https://www.
youtube.com/
watch?v=
9fuiXxShujU

10 Indra Collection https://website–
10548695072608184114-
store.business.site/

11 Sakura Ranti
Manda Art Gallery

12 House of Katy
13 Galery of Riko Keket https://galleryofrikokeket2.

business.site/
https://www.instagram.com/
rikokeket/,
https://hi-in.facebook.com/
pages/Galeri-Riko-Keket/
340197779686922?rf=
364735383921732

14 Shio Collection
and Zirc Management

15 Rumah Jahit Neri https://www.instagram.com/
neriliawati/?hl=en

16 Designer Yori https://www.instagram.com/
mryogiepratama/?hl=en

Source : processed from various sources

2.2. Data Collection

The data sources in this study are social media data, namely Facebook and Instagram belonging to fashion designers in West
Sumatra. The amount of data used is 16 records with variables (posts, likes, followers, comments, types of social media). Researchers
visited Instagram and Facebook fashion designers to see and count the number of posts, likes, followers, comments and the number
of social media used, and can be seen in Table 2.

Table 2. The social media active level

NO. Kab/Kota
List of Fashion Designer
Creatif Industri Sumatera Barat

Variables

Posting Like Followers Comment
Kind of
social media

1 Padang Syakira 163 562 253 22 2
2 Padang Yadir Fashion Designer 75 675 2218 132 1
3 Padang Ria Miranda Padang 2081 462 47000 100 2
4 Padang Batik Tanah Liek Hj. Wirda Hanim 28 101 763 3 2
5 Padang Novia Hertini Fashion Designer 472 987 1738 324 1
6 Padang De Irma Fashion Designenr 245 897 3436 234 1
7 Padang Rumah Tenun Nelvi Pandai Sikek Silungkang 9 102 1044 2 1
8 Padang Heni Adli Minangkabau Craft Village 495 986 1222 223 1
9 Padang Doni Rahman Fashion Desigener 1654 2200 20400 46 1
10 PasBar Indra Collection 120 764 239 456 1
11 Solok Selatan Sakura Ranti Manda Art Gallery 78 673 176 89 1
12 Solok House of Katy 89 654 324 134 1
13 Solok Galery of Riko Keket 4323 18765 22600 890 2
14 Padang Panjang Shio Collection and Zirc Management 234 543 324 213 1
15 Sijunjung Rumah Jahit Neri 250 346 872 156 1
16 Dharmasraya Designer Yori 400 1324 13800 154 1
Source : processed from various sources
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2.3. Preminary Data Analysis / Data Cleaning
This stage removes inconsistent and incomplete data and transforms the data into data that can be processed using the K-Means

and C4.5 algorithms. The conversion variables used are shown in Table 3.

Table 3. Variables used

No Variable Convertion Information

1 Posting
0
1
2

Aktif
Sangat Aktif
Kurang Aktif

2 Like
0
1
2

Aktif
Sangat Aktif
Kurang Aktif

3 Followers
0
1
2

Aktif
Sangat Aktif
Kurang Aktif

4 Comment
0
1
2

Aktif
Sangat Aktif
Kurang Aktif

5 Media Sosial
0
1
2

Aktif
Sangat Aktif
Kurang Aktif

Table 3 shows the variables that will be used to calculate the level of active use of social media Instagram and Facebook using
the K-Means algorithm.

The basic methodology in analyzing data using the K-Means algorithm and clustering methods are as follows:
1. Determine the value of k as the number of clusters to be formed
2. Generate a random initial k centroid (cluster center point).
3. Calculate the distance of each data to each cetroid using the correlation formula between two objects, namely Euclidean

Distance.
4. Group each data based on the shortest distance between the data and the centoid.
5. Determine the position of the new centroid (Ck) by calculating the average value of the data on the same centroid using the

formula (1).

Ck = (
1

nk
)
∑

dt (1)

Where nk is the number of documents in cluster k and d, is the document in cluster k.
6. Return to step 3 if the position of the new centroid with the old centroid is not the same.

(a) Determine the initial center of the cluster ”Centroid”, For the determination of the initial center is taken randomly from
the value of:

i. 1st cluster center: 9; 102; 1044; 2; 1
ii. Center of the 2nd cluster: 495; 986; 1222; 223; 1

iii. 3rd cluster center: 1654; 2200; 20400; 467; 1
(b) Calculation of the cluster center distance Euclidian Distance is used to measure the distance between the data and the

cluster center, then the distance matrix will be obtained as follows formula (2):

De =
√
(Mix − Cix)2 + (Miy − Ciy)2 (2)

Note:
De = Euclidian Distance
Mix = Matrix to x
Miy =Matrix to y
Cix = Centroid to x
Ciy = Centorid to y

Number of clusters (k=3)
First iteration
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1st cluster center: 9; 102; 1044; 2; 1
2nd cluster center: 495; 986; 1222; 223; 1
3rd cluster center: 1654; 2200; 20400; 467; 1

From the first iteration manual calculation, the classification of the cluster calculation results for each data object is shown in
Table 4.

Table 4. Variables used

Group Distance C1 Distance C2 Distance C3
F1 0 938.11 1602.81 20368.40
F2 0 1324.48 722.62 18414.23
F3 1 46014.19 45293.18 26560.19
F4 0 281.54 1326.81 19825.73
F5 0 1258.23 0 18740.75
F6 0 2542.27 1617.82 17063.24
F7 0 0 1268.13 19438.78
F8 0 1057.93 526.29 19452.11
F9 2 19638.78 18640.76 0
F10 0 1132.23 1661.41 20374.36
F11 0 1044.88 1657.97 20242.74
F12 0 920.28 1514.29 20296.33
F13 1 28850.78 27.684.478 16933.28
F14 0 898.90 1505.16 20294.93
F15 0 413.42 1112.81 19666.31
F16 2 12821.26 12068.10 6775.81

Obtained cluster membership:
C1 Member = F1, F4, F7, F10, F11, F12, F14, F15
C2 Member = F2, F5, F6, F8
C3 Member = F3, F9, F13, F16

Number of clusters (k=3)
So that the centroid value for the 2nd iteration is obtained
1st cluster center : 121,375; 468,125; 499,375; 134,375; 1.25
2nd cluster center : 321.75; 886.25; 2153.5; 228.5; 1
3rd cluster center : 2114.5; 5687.75; 25950; 297.5; 1.5

From the 2nd iteration manual calculation, the classification of the cluster calculation results for each data object is shown in
Table 5.

Table 5. Calculation Results of 2 Clusters of Each Data Object

Group Distance C1 Distance C2 Distance C3
F1 0 279.61 1945.45 26377.23
F2 0 1741.65 344.87 14341.77
F3 1 46641.91 44683.18 22689.86
F4 0 478.85 1659.24 24885.05
F5 0 1300.82 464.17 25718.72
F6 0 2872.02 1274.85 24093.94
F7 0 668.83 1422.45 26613.08
F8 0 958.41 954.72 26223.16
F9 2 21034.74 18443.08 6475.88
F10 0 518.70 1932.37 25254.56
F11 0 377.92 2018.67 25337.01
F12 0 267.59 1851.20 25194.64
F13 1 29207.54 27461.91 14691.81
F14 0 234.00 1853.55 25205.02
F15 0 414.25 1374.44 26708.68
F16 2 13431.06 11655.22 14024.00

Matrik: Jurnal Managemen,Teknik Informatika, dan Rekayasa Komputer,
Vol. 21, No. 2, Maret 2022: 463 – 476



Matrik: Jurnal Managemen,Teknik Informatika, dan Rekayasa Komputer r 469

Obtained cluster membership:
C1 Members = F1, F4, F7, F10, F11, F12, F14, F15
C2 Members = F2, F5, F6, F8, F16
C3 Members = F3, F9, F13

Number of clusters (k=3)
Centroid value for 3rd iteration
1st cluster center: 121,375; 468,125; 499,375; 134,375; 1.25
2nd cluster center: 337.4; 973.8; 4482.8; 213.4; 1
3rd cluster center: 2686; 7142.33; 30000; 345.33; 1.67

From the 3rd iteration manual calculation, the classification of the cluster calculation results for each data object is shown in
Table 6.

Table 6. Calculation Results of 3 Clusters of Each Data Object

Group Distance C1 Distance C2 Distance C3
M1 0 279.61 4357.67 31572.12
M2 0 1631.65 2320.88 26644.87
M3 1 45541.91 42456.16 17277.11
M4 0 489.85 3849.1 31192.12
M5 0 1500.82 2650.35 29109.15
M6 0 2872.02 1153.87 27497.46
M7 0 688.83 3669.02 29821.57
M8 0 978.41 3364.64 29410.83
M9 2 21034.74 17019.43 11850.86
M10 0 518.70 4361.45 31544.99
M11 0 397.92 4426.86 32629.89
M12 0 267.59 4279.22 31488.56
M13 1 29107.54 26711.91 13786.06
M14 0 245 4282.33 30499.93
M15 0 423.25 3766.46 30110
M16 2 13431.06 9424.17 17465.35

Obtained cluster membership:
Members C1 = F1, F2, F4, F5, F7, F8, F10, F11, F12, F14, F15
Member C2 = F6, F16
Member C3 = F3, F9, F13

Number of clusters (k=3)
Centroid value for 4th iteration
1st cluster center: 183; 581.18; 833.90; 159.45; 1.18
2nd cluster center: 322.5; 1110.5; 8618; 194; 1
3rd cluster center: 2686; 7142.33; 30000; 345.33; 1.67

From the 4th iteration manual calculation, the classification of the cluster calculation results for each data object is shown in
Table 7.
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Table 7. Calculation Results of 4 Clusters of Each Data Object

Grup Distance C1 Distance C2 Distance C3
F1 0 587.59 8486.24 30572.12
F2 0 1491.73 64 19.87 28644.87
F3 1 45205.28 38427.84 18.277.118
F4 0 543.01 7927.37 30192.12
F5 0 1035.30 6883.95 29009.15
F6 0 2622.97 5187.12 27397.46
F7 0 563.42 7649.68 29921.57
F8 0 654.88 7399.11 29510.83
F9 2 19788.30 11907.86 10850.86

F10 0 693.27 8392.69 30544.99
F11 0 675.21 8457.51 30629.89
F12 0 525.20 8310.05 30488.56
F13 1 28572.06 22883.75 13886.06
F14 0 516.65 8313.88 30499.93
F15 0 247.51 7784.06 30010
F16 2 12989.16 5187.12 17365.35

Obtained cluster membership:
Anggota C1 = F1, F2, F4, F5, F6, F7, F8, F10, F11, F12, F14, F15
Anggota C2 = F16
Anggota C3 = F3, F9, F13
Number of clusters (k=3)

Centroid value for 5th iteration
1st cluster center : 188.67; 607.5; 1050.75; 165.67; 1,167
2nd cluster center : 400; 1324; 13800; 154; 1
3rd cluster center : 2686; 7142.33; 30000; 345.33; 1.67

From the 5th iteration manual calculation, the classification of the cluster calculation results for each data object is shown in
Table 8.

Table 8. Calculation Results of 5 Clusters of Each Data Object

Group Distance C1 Distance C2 Distance C3
F1 0 666.72 13471.12 30472.12
F2 0 2157.29 11304.74 28744.87
F3 1 46861.31 18377.11 33353.74
F4 0 1262.79 13200.39 30292.12
F5 0 1612.10 12168.11 29109.15
F6 0 3302.17 10474.25 27497.46
F7 0 1424.71 12921.26 29821.57
F8 0 1087.15 12483.08 29510.83
F9 2 20293.99 11850.86 6.765.806
F10 0 729.47 16578.80 30644.99
F11 0 656.42 13543.49 30729.89
F12 0 684.81 13396.24 30588.56
F13 1 28839.01 13786.06 19838.90
F14 0 683.56 13499.76 30599.93
F15 0 1071.14 12865.80 30110.00
F16 2 13639.50 0 17465.35

Obtained cluster membership:
Anggota C1 = F1, F2, F4, F5, F6, F7, F8, F10, F11, F12, F14, F15
Anggota C2 = F9, F16
Anggota C3 = F3, F13

Number of clusters (k=3)
Centroid value for the 6th iteration
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1st cluster center : 188.67; 607.5; 1050.75; 165.67; 1,167
2nd cluster center : 1027; 1762; 17100; 100; 1
3rd cluster center : 3202; 963.12; 34800; 495.2; 2

From the 6th iteration manual calculation, the classification of the cluster calculation results for each data object is shown in
Table 9.

Table 9. Calculation Results of 6 Clusters of Each Data Object

Group Distance C1 Distance C2 Distance C3
F1 0 822.24 16911.93 35845.23
F2 0 1175.14 14952.00 33932.17
F3 1 45888.49 15297.24 29946.81
F4 0 625.66 16451.76 35486.92
F5 0 839.68 15393.27 34278.29
F6 0 2414.39 13714.32 32587.75
F7 0 561.77 16173.95 35318.96
F8 0 518.63 15906.32 34375.23
F9 2 19470.29 16276.29 3377.91
F10 0 878.84 16918.59 35818.88
F11 0 887.40 16985.53 35888.15
F12 0 735.63 16838.73 35768.76
F13 1 28490.12 15297.14 18289.01
F14 0 732.56 16849.29 35673.68
F15 0 322.88 16308.26 35296.23
F16 2 12771.13 22752.66 3387.91

C1 Member = F1, F2, F4, F5, F6, F7, F8, F10, F11, F12, F14, F15

C2 Member = F9, F16

C3 Member = F3, F13

Because the cluster members generated from the 6th iteration are the same as the cluster members generated in the 5th iteration
calculation, the calculation process is stopped. In this study, data processing using the C4.5 algorithm was not done manually, but
directly processed using rapidminer software.

3. RESULT AND ANALYSIS

Testing data on the use of Facebook and Instagram social media by Fashion Designer as many as 16 records using the Rapid-
Miner tool.

3.1. Analysis with the K-Means Algoritm

From this data on the use of Facebook and Instagram social media by Fashion Designer, a dataset table is created which will be
processed using the K-Means algorithm. Researchers used Rapid Maner software for data testing, can be seen in Figure 2. The test
results are, to determine the use of social media, a data set is formed, a data set is made based on the number of posts, likes, followers,
social media, and comments. After processing the data using rapid maner, 3 clusters are generated, where the results are not much
different from manual calculations. Cluster 0 represents active social media users, then cluster 1 represents very active social media
users, and then cluster 2 represents less active users, can be see in Table 3 and the graph of k-means cluster formed by rapidminer
can be seen in Figure 3.

Data on the use of social media for fashion designers in West Sumatra is processed using the Rapidminer application. The data
to be processed is prepared using Microsoft Excel. Data processing using Rapidminer can be seen in Table 6.
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Figure 2. The Process of Calculating K-Means with Rapidminer

Data processing of fashion designer social media users in West Sumatra is processed using the rapidminer application, resulting
in clusters of social media usage. There are 3 clusters formed, namely cluster-0, cluser-1 and cluster-2. The results of fashion designer
data processing based on clusters can be seen in Table 1. The three clusters formed have similarities with the results of manual
counting, where cluster 0 represents active cluster, cluster 1 represents very active, cluster 2 represents less active.

Table 10. Results of the Rapidminer Cluster

City List of Names Posting Like Followers Comment Kind of Media Cluster
Padang Syakira 163.0 562.0 253.0 22.0 2.0 cluster 0
Padang Yadir Fashion Designer 75.0 675.0 2218.0 132.0 1.0 cluster 0
Padang Ria Miranda Padang 2081.0 462.0 47000.0 100.0 2.0 cluster 1
Padang Batik Tanah Hj. Wirda Hanim 28.0 101.0 763.0 3.0 2.0 cluster 0
Padang Novia Hertini Fashion Designer 472.0 987.0 1738.0 324.0 1.0 cluster 0
Padang De Irma Fashion Designer 245.0 897.0 3436.0 234.0 1.0 cluster 0
Padang Rumah Tenun Nelvi Silungkang Pandai Sikek 9.0 102.0 1044.0 2.0 1.0 cluster 0
Padang Yonk Ricardo 495.0 986.0 1222.0 223.0 1.0 cluster 0
Padang Doni Rahman 1654.0 2200.0 20400.0 46.0 1.0 cluster 2
Pasbar Indra Collection 120.0 764.0 239.0 456.0 1.0 cluster 0
Solsel Sakura Ranti Manda Art Gallery 78.0 673.0 176.0 89.0 1.0 cluster 0
Solok House Of Katy 89.0 654.0 324.0 134.0 1.0 cluster 0
Solok Galery Of Riko Keket 4323.0 18765.0 22600.0 890.0 2.0 cluster 2
Padang Panjang Zhio Collection And Zircmanagement 234.0 543.0 324.0 213.0 1.0 cluster 0
Sijunjung Rumah Jahit Neri 250.0 346.0 872.0 156.0 1.0 cluster 0
Dharmasraya Desainer Yori 400.0 1324.0 13800.0 154.0 1.0 cluster 2

Clusters that are formed in the data processing process using the Rapidminer application are also displayed in graphical form.
The graph depicting the cluster can be seen in Figure 3. In the graph, you can see which fashion designers are included in cluster-0,
to cluster-1, and to cluster-2.
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Figure 3. Graph of K-Means Cluster Formed by Rapidminer

3.2. Analysis with the C45 Algoritm
After the data on social media users, fashion designers are processed using mens papers which classify social media users into

3 clusters. The next stage is data processing using C45. The results of C45 processing can be seen in Table 7.

Table 11. Data Set for Rapid Maner Process

City /Regency Fashion Creative Industry Of west Sumatera Posting Like Followers Comment Kind of Social Media
Padang Syakira Many Many Many Few Many
Padang Yadir Fashion Designer Few Many So many Many Few
Padang Ria Miranda Padang So Many Many So Many Many Many
Padang Batik Tanah Hj. Wirda Hanim Few Many Many Few Many
Padang Novia Hertini Fashion Designer Many Many So Many Many Few
Padang De Irma Fashion Designer Many Many So Many Many Few
Padang Rumah Tenun Nelvi Silungkang Pandai Sikek Few Many So Many Few Few
Padang Yonk Ricardo Many Many So Many Many Few
Padang Donny Rahman Fahshion Designer So Many So many So Many Few Few
Pasbar Indra Collection Many Many Many Many Few
Solsel Sakura Ranti Manda Art Gallery Few Many Many Few Few
Solok House Of Katy Few Many Many Many Few
Solok Galery Of Riko Keket So many So Many So many Many Many
Padang Panjang Zhio Collection And Zircmanagement Many Many Many Many Few
Sijunjung Rumah Jahit Neri Many Many Many Many Few
Dharmasraya Desainer Yori Many Many So Many Many Few

Table 11 is a data set that will be processed using rapidminer software which shows a list of the creative industry of fashion
designers in West Sumatra with the variable number of posts, likes, followers, comments and the number of social media used. These
variables have been cleaned with 3 classifications, namely many, very many and few.

A Decision Tree That Formed
From the data set process using rapidminer software, a decision tree format is generated as follows, where if a fashion designer social
media user has many followers and has many posts, it can be seen that the owner of the fashion designer is syakira. Then for many
followers and a few posts, namely Batik Tanah Hj. Wirda Hanim, as can be seen in the section below
.Followers = Many
| Posting = Many : Syakira
Syakira=1, Yadir Fashion Designer=0, Ria Miranda Padang=0, Batik Tanah Hj. Wirda Hanim=0, Novia Hertini Fashion Designer=0,
De Irma Fashion Designer=0, Rumah Tenun Nelvi Silungkang Pandai Sikek=0, Yonk Ricardo=0, Donny Rahman Fahshion De-
signer=0, Indra Collection=1, Sakura Ranti Manda Art Gallery=0, House Of Katy=0, Galery Of Riko Keket=0, Zhio Collection And
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Zircmanagement=1, Rumah Jahit Neri=1, Desainer Yori=0
| Posting = Few : Batik Tanah Hj. Wirda Hanim
Syakira=0, Yadir Fashion Designer=0, Ria Miranda Padang=0, Batik Tanah Hj. Wirda Hanim=1, Novia Hertini Fashion Designer=0,
De Irma Fashion Designer=0, Rumah Tenun Nelvi Silungkang Pandai Sikek=0, Yonk Ricardo=0, Donny Rahman Fahshion De-
signer=0, Indra Collection=0, Sakura Ranti Manda Art Gallery=1, House Of Katy=1, Galery Of Riko Keket=0, Zhio Collection And
Zircmanagement=0, Rumah Jahit Neri=0, Desainer Yori=0

The social media user of the West Sumatran fashion designer industry who has a lot of followers is the Gallery of Riko Keket as seen
in the following section
Followers = So Many: Galery Of Riko Keket Syakira=0, Yadir Fashion Designer=0, Ria Miranda Padang=0, Batik Tanah Hj. Wirda
Hanim=0, Novia Hertini Fashion Designer=0, De Irma Fashion Designer=0, Rumah Tenun Nelvi Silungkang Pandai Sikek=0, Yonk
Ricardo=0, Donny Rahman Fahshion Designer=0, Indra Collection=0, Sakura Ranti Manda Art Gallery=0, House Of Katy=0, Galery
Of Riko Keket=1, Zhio Collection And Zircmanagement=0, Rumah Jahit Neri=0, Desainer Yori=1

The social media user of the West Sumatran fashion designer industry who has very many followers with many posts is Novia Hertini
Fashion Designer, very many followers and very many posts is Ria Miranda Padang, then very many followers with few posts is
Yadir Fashion Designer, this is described in the following section.
Followers = So Many
| Posting = Many: Novia Hertini Fashion Designer Syakira=0, Yadir Fashion Designer=0, Ria Miranda Padang=0, Batik Tanah Hj.
Wirda Hanim=0, Novia Hertini Fashion Designer=1, De Irma Fashion Designer=1, Rumah Tenun Nelvi Silungkang Pandai Sikek=0,
Yonk Ricardo=1, Donny Rahman Fahshion Designer=0, Indra Collection=0, Sakura Ranti Manda Art Gallery=0, House Of Katy=0,
Galery Of Riko Keket=0, Zhio Collection And Zircmanagement=0, Rumah Jahit Neri=0, Desainer Yori=0
| Posting = So Many: Ria Miranda Padang Syakira=0, Yadir Fashion Designer=0, Ria Miranda Padang=1, Batik Tanah Hj. Wirda
Hanim=0, Novia Hertini Fashion Designer=0, De Irma Fashion Designer=0, Rumah Tenun Nelvi Silungkang Pandai Sikek=0, Yonk
Ricardo=0, Donny Rahman Fahshion Designer=1, Indra Collection=0, Sakura Ranti Manda Art Gallery=0, House Of Katy=0, Galery
Of Riko Keket=0, Zhio Collection And Zircmanagement=0, Rumah Jahit Neri=0, Desainer Yori=0
| Posting = Few : Yadir Fashion Designer Syakira=0, Yadir Fashion Designer=1, Ria Miranda Padang=0, Batik Tanah Hj. Wirda
Hanim=0, Novia Hertini Fashion Designer=0, De Irma Fashion Designer=0, Rumah Tenun Nelvi Silungkang Pandai Sikek=1, Yonk
Ricardo=0, Donny Rahman Fahshion Designer=0, Indra Collection=0, Sakura Ranti Manda Art Gallery=0, House Of Katy=0, Galery
Of Riko Keket=0, Zhio Collection And Zircmanagement=0, Rumah Jahit Neri=0, Desainer Yori=0

Figure 4. Decision Tree Formed by Rapidminer

4. CONCLUSION
Based on research conducted on grouping with the K-Means algorithm, it produces 3 clusters, namely Cluster 0 represents

active social media users, then cluster 1 represents very active social media users, and then cluster 2 represents less active users. The
dataset of the West Sumatran fashion designer industry has also been processed using rapidminer software with the C4.5 method to
produce a decision tree with many, very many and few classifications. Post and followers variables are 2 variables that play a very
important role in the use of social media for digital marketing. It can be seen that the social media user with a lot of followers with
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a lot of posts is Syakira and the few posts are batik Tanah Liek Hj Wirda Hanim. For social media users, the fashion designer with
a lot of followers is Riko Keket’s gallery. Then social media users with lots of followers and lots of posts are novia hertini fashion
designer, the most posts are ria miranda padang, the fewest posts are yadir fashion designer.

The use of the K-Means method to determine the active, very active and less active user groups and the C4.5 method succeeded
in showing the classification of social media users into three, namely many, very many and few. However, it is also necessary to try to
use other methods to process data sets from the West Sumatra fashion designer industry. The data is collected from fashion designer
industry players in West Sumatra Province, so the amount of data is still very limited. The hope is for further research to use larger
amounts of data from other provinces in Indonesia or abroad.
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